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I. Introduction 

Artificial intelligence has moved from a specialist technology to an everyday learning resource in a 
remarkably short period. In higher education, students now interact with generative AI systems to ask questions, 
generate examples, clarify concepts, obtain feedback, rehearse presentations, and organize independent study 
[1–2]. Foreign language education is especially affected because successful language learning requires repeated 
exposure, interaction, timely feedback, and opportunities to produce language. In many conventional 
classrooms, however, learners have limited individual speaking time and teachers cannot provide immediate 
personalized feedback to every student. AI-supported tools potentially extend the learning environment by 
making language support available whenever learners choose to engage with it. 
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Artificial intelligence (AI) has become a prominent component of 
contemporary foreign language learning, particularly through 
generative systems that provide conversational rehearsal, linguistic 
explanation, feedback, and individualized practice. This article is a 
conceptual paper rather than an empirical qualitative report or research 
protocol. It synthesizes the literature cited in the manuscript to examine 
how AI-supported learning can be understood through five 
interconnected domains: low-risk speaking rehearsal; personalized 
feedback and linguistic noticing; learner agency and self-regulated 
learning; engagement, confidence, and willingness to communicate; 
and tensions involving accuracy, dependency, privacy, and 
communicative authenticity. The results of the conceptual synthesis 
distinguish perceived speaking improvement from objectively 
measured proficiency and clarify the conceptual relations among AI 
literacy, agency, self-regulation, confidence, and willingness to 
communicate. The integrated results and discussion propose Guided 
Human–AI Language Learning (GHAILL), a human-centred process 
model in which learners move from goal setting and independent 
attempt to AI-mediated rehearsal or feedback, critical evaluation, 
learner revision, repeated production, human communication, and 
reflection. GHAILL differs from general self-regulated learning and 
technology-assisted language-learning frameworks by specifying three 
safeguards for generative-AI-supported language production: learner 
production before or alongside AI assistance, critical evaluation before 
uptake, and transfer from machine-mediated practice to human 
communication. The article argues that AI is most educationally 
valuable when it expands practice without displacing learner judgment, 
teacher mediation, or authentic interpersonal communication. 
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The growing accessibility of generative AI also changes the nature of computer-assisted language learning. 
Earlier CALL tools commonly relied on fixed exercises, predetermined feedback, or restricted conversational 
paths. Contemporary systems can respond dynamically to user input, generate customized dialogues, adapt 
explanations, propose vocabulary, reformulate sentences, simulate communicative situations, and sustain 
extended exchanges. Systematic work on ChatGPT and AI chatbots in ESL/EFL education indicates substantial 
research growth around these affordances, while also revealing variation in pedagogical design and learning 
outcomes [3–4]. Rather than functioning only as a repository of information, AI may therefore become part of 
the interactional ecology through which learners prepare, practise, monitor, and revise language. 

This shift is particularly relevant to speaking. Oral production is cognitively and affectively demanding 
because learners must retrieve lexical items, organize grammar, control pronunciation and fluency, interpret an 
interlocutor, and manage social pressure in real time. AI-mediated rehearsal can reduce some of this pressure by 
allowing repeated practice without immediate human evaluation [5–6]. Recent studies have reported promising 
relationships between AI-supported activities and speaking performance, enjoyment, confidence, and reduced 
anxiety, although the effects vary according to task design and platform affordances [7]. Such findings make 
speaking an important domain for investigating not only whether students use AI, but how they experience it as 
part of their learning process. 

The pedagogical significance of this development extends beyond technological novelty. Foreign language 
learning is inherently practice-intensive: learners need repeated exposure to comprehensible input, opportunities 
to retrieve and produce language, feedback on emerging performance, and interaction that gradually becomes 
more spontaneous. In many university contexts, however, classroom time is limited, student numbers are 
relatively large, and the amount of individual speaking practice available to each learner is uneven. AI-supported 
environments potentially address part of this structural limitation by giving students access to language 
assistance and rehearsal opportunities outside scheduled lessons. From this perspective, AI is relevant not 
because it can generate fluent text, but because it can enlarge the time, frequency, and variety of language-
learning activity available to learners. 

The expansion of AI also changes the relationship between formal and informal language learning. Students 
increasingly move between teacher-designed classroom activities and self-initiated digital practices in which 
they ask AI to explain vocabulary, simplify difficult input, generate conversation topics, correct sentences, 
simulate role-plays, or provide alternative expressions. This movement is important because language 
development does not occur only during formal instruction. Informal digital learning can extend exposure and 
encourage learners to take greater responsibility for practice, especially when they use AI intentionally to address 
weaknesses that emerge during classroom learning. Recent work on generative AI-mediated informal digital 
language learning has therefore emphasized the importance of AI literacy, learner emotion, and willingness to 
communicate as interconnected dimensions of contemporary language learning [8]. 

For foreign language speaking, these affordances are especially relevant. Speaking requires learners to 
coordinate lexical retrieval, grammatical encoding, pronunciation, fluency, listening, turn-taking, and pragmatic 
choices under real-time pressure. Even students who possess adequate declarative knowledge may struggle to 
transform that knowledge into spontaneous speech. In addition, speaking frequently carries a strong affective 
burden: learners may hesitate because they fear making errors, being judged by classmates, losing face, or failing 
to express an intended meaning. The classic willingness-to-communicate framework highlights how perceived 
competence, confidence, and situational factors influence whether learners actually enter into second-language 
communication [9]. AI-mediated rehearsal may alter this decision-making environment by allowing students to 
practise before they face higher-stakes human interaction. 

This does not mean that interaction with AI is equivalent to communication with people [10]. Human 
conversation involves interpersonal intentions, negotiation of identity, emotion, cultural knowledge, gesture, 
timing, and unpredictable responses that cannot be reduced to linguistic correctness. Nevertheless, AI may serve 
as a preparatory layer between individual planning and authentic communication. Learners can generate 
questions, rehearse possible answers, request reformulations, ask for pronunciation guidance, and repeat an 
interaction without exhausting a human partner. Recent research has begun to show that carefully designed AI-
mediated speaking activities can be associated with improved speaking performance, enjoyment, reduced 
anxiety, and stronger emotional engagement [7]. The pedagogical issue is therefore not whether AI should 
replace human interaction, but how AI-supported rehearsal can be connected to subsequent communication with 
teachers, peers, and wider communities. 

Another important contribution of AI lies in the immediacy of feedback. In conventional language 
classrooms, teachers cannot respond to every learner error at the moment it occurs. Generative AI can provide 
explanations, alternatives, corrections, examples, and reformulations almost instantly. Studies of AI use in 
foreign language education report that learners value such accessibility for grammar, vocabulary, writing 
support, and individualized practice [11–12]. Yet immediate feedback should not automatically be equated with 
effective feedback. From a language-learning perspective, the critical process is whether learners notice a gap, 
understand the reason for a change, compare alternatives, and incorporate the revised form into later production. 



ISSN: xxx-xxx IJARLIT (International Journal Artificial Intelligent Informatics) 3 
 Vol. 1, No. 1, June 2018, pp. xx-xx 

 [Author] et al. (AI in Foreign Language Learning) 

The distinction between simply receiving a corrected answer and actively learning from correction is central to 
evaluating the educational value of AI. 

The same tension applies to learner autonomy and self-regulation. AI can give students considerable control 
over timing, content, pace, difficulty, and repetition. A learner can ask for easier explanations, request more 
challenging questions, create a personalized vocabulary test, rehearse a presentation several times, or focus on 
a recurring grammatical problem. These possibilities align with broader understandings of self-regulated 
learning in which learners set goals, select strategies, monitor performance, and adapt subsequent actions [13]. 
Recent research on generative AI-supported self-regulated language learning similarly indicates that productive 
use depends on learners' awareness, evaluative capacity, and interactions with teachers, peers, and AI systems 
[14]. Thus, access to AI may create conditions for autonomy, but it does not guarantee autonomous learning. 

Indeed, the convenience of generative AI introduces a paradox [15]. The same system that can support 
reflection can also remove the productive struggle through which learning occurs. Students may ask AI to 
formulate complete responses before attempting their own, accept corrections without understanding them, or 
depend on generated scripts during speaking tasks. Such practices can create an appearance of improved 
performance while masking limited internalization. Research on university students' reliance on generative AI 
has therefore distinguished between appropriate reliance, over-reliance, and resistance, emphasizing that 
learners need to calibrate trust rather than either accept or reject AI output automatically [16]. This issue is 
particularly important in foreign language learning because learners with lower proficiency may have less 
linguistic knowledge available for detecting inaccurate, unnatural, or pragmatically inappropriate output. 

Critical AI literacy consequently becomes part of language-learning competence. Effective users need to 
know not only how to prompt an AI system but also how to evaluate what it produces, compare alternative 
expressions, verify uncertain information, recognize limitations, and decide when human feedback is preferable. 
Emerging EFL research suggests that explicit pedagogical intervention can strengthen students' critical 
engagement with generative AI rather than allowing them to treat fluent output as inherently reliable [17–18]. 
In this sense, responsible AI-assisted language learning involves a double learning process: students learn the 
foreign language while simultaneously learning how to manage the strengths and weaknesses of an artificial 
conversational partner. 

The university context provides an especially useful setting for examining these processes because 
university learners are expected to become increasingly independent while operating within assessment systems, 
institutional expectations, and uneven levels of digital and linguistic competence. AI may therefore function 
differently across learners and tasks: for some, it can support independent speaking practice and feedback; for 
others, it may become a shortcut that reduces meaningful language production. This variation underscores the 
need for a conceptual account that distinguishes access to AI from the quality of learning activity. 

Against this background, the present article treats AI-supported foreign language learning as a human–AI 
collaborative process rather than a technology-driven outcome. The learner remains the principal agent who sets 
goals, interprets feedback, decides whether to trust an output, modifies language, and transfers practice into real 
communication. The teacher remains central as a designer of meaningful tasks, a source of expert judgment, and 
a guide for critical AI literacy. This positioning allows the article to integrate enabling and constraining 
dimensions of AI while avoiding two simplistic assumptions: that AI will automatically improve language 
learning, or that AI use necessarily undermines authentic learning. 

Despite rapid publication growth, several conceptual gaps remain. First, much of the early literature 
emphasizes attitudes toward AI, perceived usefulness, intention to use, or general acceptance. These studies are 
valuable for understanding adoption, but positive attitudes do not necessarily demonstrate meaningful learning. 
A learner may consider AI convenient while using it mainly to obtain finished answers; conversely, a learner 
who questions AI output, compares alternatives, and reformulates language may remain cognitively and 
linguistically active. The key distinction is therefore between AI use and AI-mediated learning. 

Second, experimental, survey, and mixed-method research can identify patterns of improvement or 
perception, but these findings are often difficult to integrate unless the underlying learner processes are specified. 
Research on reliance and resistance already shows that trust in generative AI can take productive or problematic 
forms [16]. A conceptual synthesis is therefore needed to connect observable outcomes with mechanisms such 
as independent attempt, feedback uptake, verification, revision, repeated production, and transfer to human 
communication. 

Third, the relationship between AI literacy, learner agency, self-regulation, confidence, and willingness to 
communicate requires sharper conceptual differentiation. AI can expand learner choice by increasing control 
over topic selection, pacing, repetition, feedback requests, and task difficulty, but it can also weaken agency 
when learners transfer decision-making and language production to the system. Recent research on AI-supported 
self-regulated language learning emphasizes the importance of evaluation, AI literacy, and interaction with 
teachers and peers [14]. The present article therefore clarifies these constructs before integrating them into 
GHAILL. 
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Accordingly, this article develops a conceptual account of AI-supported foreign language learning with 
particular attention to speaking-related practice. Rather than treating AI use as a direct cause of linguistic 
improvement, the paper asks how particular learner processes may convert AI affordances into meaningful 
language-learning activity. It therefore distinguishes technological access from learning quality and treats claims 
about speaking improvement cautiously unless they are supported by independent performance measures. The 
article also clarifies the relationship among AI literacy, learner agency, self-regulated learning, confidence, and 
willingness to communicate before integrating these constructs into the proposed GHAILL model. 

 

RQ1. What pedagogically relevant affordances and constraints of artificial intelligence are identified in 
current foreign language learning literature? 

RQ2. Through what mechanisms can AI-supported practice plausibly contribute to speaking preparation, 
feedback uptake, confidence, engagement, and willingness to communicate? 

RQ3. How should AI literacy, learner agency, self-regulated learning, confidence, and willingness to 
communicate be conceptually differentiated and related? 

RQ4. What distinctive contribution does the Guided Human–AI Language Learning (GHAILL) model make 
to existing accounts of self-regulated and technology-assisted language learning? 

II. Method 

A. Research Design and Scope 

This article adopts a conceptual synthesis rather than an empirical qualitative design. The purpose is to 
integrate arguments and findings from the peer-reviewed literature cited in the manuscript into a coherent 
process account of AI-supported foreign language learning. The paper does not report newly collected 
participant data, interviews, test scores, or classroom observations; consequently, no claim is made that the 
present article independently demonstrates improvement in speaking proficiency. 

The analysis is human-centred and process-oriented. AI is treated as a set of affordances—including rapid 
feedback, dialogue simulation, reformulation, personalization, and on-demand practice—whose educational 
consequences depend on learner activity, task design, evaluative judgment, and the connection between 
machine-mediated practice and human communication [3–4, 10–16]. This orientation avoids a simple 
technology-effects assumption in which access to AI is treated as equivalent to learning. 

A central analytical boundary concerns the difference between perceived improvement and objectively 
measured development. Research based on learner perceptions can illuminate confidence, strategy use, 
engagement, perceived progress, or attitudes, but these outcomes should not be interpreted as equivalent to 
standardized gains in pronunciation, fluency, accuracy, or overall proficiency. Where the cited literature includes 
experimental or mixed-method evidence, those findings are treated separately from perception-based claims [5–
7, 11]. 

The conceptual focus is foreign language learning in university and EFL-related contexts because this is the 
dominant setting represented in the literature reviewed here. The paper nevertheless formulates GHAILL at a 
sufficiently general level to be tested in other languages, proficiency levels, age groups, and instructional 
environments. Such extension remains an empirical question rather than an assumption of the model. 

B. Literature Sources and Selection 

The source base consists of the scholarly works already cited in this manuscript, including systematic 
reviews, meta-analytic or mixed-method studies, empirical investigations of AI-assisted language learning, work 
on self-regulated learning and willingness to communicate, and foundational accounts of noticing, self-efficacy, 
and scaffolding [3–25]. The purpose is integrative rather than exhaustive: the article does not claim the search 
coverage, screening procedure, or reproducibility standards of a systematic review. 

Sources were used according to their evidential role. Review and meta-synthesis studies were used to 
identify recurring affordances and challenges across AI-supported language learning [3–4, 10, 18]. Empirical 
studies informed claims about speaking practice, feedback, motivation, reliance, and AI literacy [5–8, 11–17, 
20, 22]. Foundational theoretical sources were used to define self-regulation, willingness to communicate, 
noticing, self-efficacy, and scaffolding [9, 13, 19, 21, 25]. 

Because AI platforms, model capabilities, and institutional policies change rapidly, the synthesis 
emphasizes mechanisms that are more stable than any single product feature. These mechanisms include learner 
attempt, feedback uptake, verification, revision, repeated production, self-monitoring, and transfer to human 
interaction. Product-specific claims are therefore avoided unless they are central to the cited study. 
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Table 1.  Conceptual distinctions used in the article 

Construct Working definition Role in the process Key anchors 

AI literacy Capacity to understand, 

evaluate, verify, and 

selectively use AI output 

Enables informed judgment and 

calibrated reliance 
[8, 14, 16–18] 

Learner agency Intentional control over 

learning choices and the 

use or refusal of AI 

support 

Determines who remains the 

decision-maker 
[14, 16] 

Self-regulated learning Cyclical goal setting, 

strategy use, monitoring, 

and reflection 

Operationalizes agency across 

learning episodes 
[13–14] 

Confidence Affective appraisal of 

perceived competence 
May increase through 

successful rehearsal but is not 

proof of proficiency gain 

[21–22] 

Willingness to 

communicate 

Situated readiness 

to initiate or 

sustain 

communication 

with other people 

Represents transfer from 

preparation to 

interpersonal language 

use 

[8–9] 

C. Analytical Procedure 

The literature was conceptually organized around recurrent mechanisms rather than around individual AI 
platforms. The organizational procedure borrows the general logic of iterative categorization and theme 
refinement from thematic analysis scholarship [23–24], but it is applied here to published concepts and findings 
rather than to participant transcripts. Five domains were retained because they capture both enabling and 
constraining dimensions of AI-supported language learning: speaking rehearsal; feedback and noticing; agency 
and self-regulation; engagement, confidence, and willingness to communicate; and accuracy, dependency, 
privacy, and authenticity. These domains are treated as analytically distinct but dynamically connected. 

Within each domain, the analysis asks two questions. First, what learner activity is required for the AI 
affordance to become educationally meaningful? Second, what form of misuse or bypass could transform the 
same affordance into superficial learning or dependence? For example, immediate correction can support 
noticing when learners compare and reuse forms, but it can reduce learning when it simply replaces independent 
formulation. 

The cross-domain synthesis then traces a process from learner intention to subsequent human 
communication. This process became the basis of GHAILL: learner goal -> independent attempt -> AI-mediated 
rehearsal or feedback -> critical evaluation -> learner revision -> repeated production -> human communication 
-> reflection. The sequence is proposed as a conceptual heuristic, not as a validated causal model. 

The model is therefore evaluated in this article by conceptual coherence and explanatory usefulness rather 
than by participant coding frequencies or statistical effects. Its empirical validity remains open to future 
qualitative, experimental, longitudinal, and classroom-based testing. 

D. Conceptual Boundaries and Ethical Position 

The article does not use human participants, identifiable personal data, newly collected interviews, or 
private AI interaction logs. Institutional ethical approval for human-subject data collection is therefore not 
applicable to the present conceptual paper. This statement should not be generalized to future empirical tests of 
GHAILL, which would require informed consent, confidentiality protections, secure data handling, and relevant 
institutional review procedures. 

Responsible AI use nevertheless remains part of the conceptual argument. Language-learning activities may 
involve personal information, assessment-related work, or sensitive interaction histories. Learners and 
institutions should therefore consider privacy, data governance, attribution, academic integrity, and the 
possibility that model output may be inaccurate or pragmatically inappropriate [15–18]. 

A second boundary concerns causal language. The synthesis can identify plausible mechanisms and 
relationships supported across prior studies, but it cannot establish that GHAILL causes proficiency gains. 
Likewise, evidence of confidence or willingness to communicate should not be collapsed into evidence of 
linguistic development. These outcomes occupy different levels of the learning process. 
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A third boundary concerns technological heterogeneity. Text-based chatbots, voice-enabled systems, 
automated speech evaluation tools, and general-purpose generative AI differ in affordances and limitations [5–
7, 10]. GHAILL therefore specifies learner actions rather than assuming that one platform or interface is 
pedagogically representative of all AI systems. 

Finally, the analysis treats human communication as a necessary reference point for communicative 
language learning. AI can simulate many interactional features, but it does not fully reproduce interpersonal 
stakes, identity negotiation, cultural expectations, embodied cues, or genuine social consequences [10]. The 
model consequently positions AI as complementary scaffolding rather than as a substitute for teachers, peers, or 
other human interlocutors. 

These boundaries directly address the risk of overstating what AI-supported language learning can 
demonstrate. The article's claims are therefore conceptual and conditional: AI can create additional opportunities 
for meaningful practice, but the educational value of those opportunities depends on what learners do before, 
during, and after AI assistance. 

Table 2.  Conceptual synthesis framework 

Domain Central mechanism Boundary / risk 

Speaking rehearsal Repeated low-risk production before 

socially exposed speaking 
Script dependence or no transfer to human 

interaction 

Feedback and noticing Comparison, explanation, revision, and 

reuse of feedback 
One-step correction and copying 

Agency and self-regulation Goal setting, selective support, 

monitoring, and withdrawal of support 
Delegation of linguistic decisions to AI 

Engagement, confidence, 

and WTC 
Lower entry barrier to practice and 

increased readiness for interpersonal use 
Confidence confined to the AI environment 

Accuracy, dependency, and 

authenticity 
Verification, calibrated trust, and 

complementary use 
Hallucination, over-reliance, privacy risk, and 

simulated interaction replacing human 

communication 

III. Results and Discussion 

The literature can be synthesized into five interrelated conceptual domains: (1) AI as a low-risk space for 
speaking rehearsal; (2) personalized feedback and linguistic noticing; (3) learner agency and self-regulated 
practice; (4) engagement, confidence, and willingness to communicate; and (5) tensions involving accuracy, 
dependency, privacy, and communicative authenticity. These domains are not independent lists of benefits and 
risks. Together they describe a conditional pathway in which the value of AI depends on learner production, 
critical evaluation, revision, and eventual transfer to human communication. 

Table 3.  Conceptual domains and literature anchors 

Conceptual domain Analytic focus Literature anchors 

Domain 1: Low-risk 

speaking rehearsal 
Repetition, preparation, reduced 

evaluative pressure, transfer 
[5–7, 10] 

Domain 2: Feedback and 

noticing 
Immediate support, comparison, 

explanation, revision, reuse 
[3, 11–12, 19–20] 

Domain 3: Agency and 

self-regulation 
Goal setting, selective assistance, 

monitoring, AI literacy 
[13–14, 16] 

Domain 4: Engagement, 

confidence, and WTC 
Practice initiation, persistence, perceived 

competence, interpersonal transfer 
[8–9, 21–22] 

Domain 5: Accuracy, 

dependency, and 

authenticity 

Verification, calibrated reliance, privacy, 

limits of simulation 
[10, 15–18] 

A. AI as a Low-Risk Space for Speaking Rehearsal 

A recurring proposition in the literature is that AI can function as a rehearsal environment before learners 
perform language in socially exposed situations. Conventional classrooms cannot always provide sustained 
individual speaking time, whereas AI-supported interaction can allow learners to repeat a task, modify an 
answer, request alternative formulations, and restart a conversation without consuming classmates' speaking 
opportunities [5–7]. The value of this affordance lies in additional production, not in the mere presence of a 
chatbot. 
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Rehearsal can support both task-specific preparation—such as oral presentations, interviews, classroom 
discussions, or role-plays—and more open-ended conversational practice. Learners can pause, repeat, request 
simpler wording, compare registers, and rehearse the same response several times. These options may be 
especially useful for learners who need more planning time before spontaneous production. 

The low-risk quality of AI-mediated practice is also affective. Foreign language speaking can involve fear 
of error, hesitation, pronunciation difficulty, and negative evaluation. AI may reduce the immediate social cost 
of unsuccessful attempts and thereby encourage experimentation. However, reduced pressure is educationally 
useful only when it leads to more active language production rather than to passive dependence on generated 
scripts. 

This distinction separates productive rehearsal from cognitive offloading. Productive rehearsal requires 
retrieval, formulation, repetition, and reformulation by the learner. In contrast, reliance on complete AI-
generated scripts can create fluent performance without equivalent internalization. The relevant pedagogical 
question is therefore whether AI expands the learner's own production or substitutes for it. 

The endpoint of rehearsal should be transfer to human communication. Successful interaction with a 
predictable system is not equivalent to negotiating meaning with people, whose responses involve social 
intentions, identity, emotion, cultural expectations, and unpredictability [10]. AI is therefore best conceptualized 
as a bridge between private preparation and public language use rather than as the final communicative 
environment. 

B. Personalized Feedback and Linguistic Noticing 

A second domain concerns the immediacy and personalization of AI-generated feedback. Learners can 
request explanations, alternatives, grammar correction, vocabulary support, reformulation, and pronunciation-
related guidance at the point of difficulty [3, 11–12]. This immediacy can reduce the delay between noticing a 
problem and receiving assistance, extending feedback beyond scheduled classroom time. 

Immediate feedback, however, is not synonymous with learning. The key distinction is between feedback 
as a product and feedback as a process. When learners copy a revised sentence without comparing it with their 
own production, cognitive engagement is limited. When they inspect differences, ask why a form is preferable, 
test alternatives, or reuse the corrected feature, feedback becomes a resource for noticing and learning [19–20]. 

Generative systems also support iterative feedback because learners can reshape the response through 
follow-up prompts. They can ask whether an expression sounds natural, whether it fits an academic register, 
how tense or modality changes meaning, or what alternatives are available. This capacity makes the quality of 
prompting and evaluation central to the learning process rather than peripheral technical skills. 

The strongest conceptual learning cycle is therefore input -> noticing -> revision -> reuse. AI contributes at 
the feedback stage, but the learner must appropriate the feedback through evaluation and subsequent production. 
The decisive question is not whether AI can correct a sentence, but whether the learner becomes more capable 
of producing and judging the language independently. 

C. Learner Agency and Self-Regulated Practice 

A third domain concerns learner agency. AI potentially expands control over timing, topic, pacing, 
repetition, and task difficulty. Learners can initiate practice without waiting for teacher direction and can focus 
on immediate communicative needs. Yet access to choice should not be equated with agency, because a learner 
may choose to use AI while simultaneously delegating the central linguistic work to the system. 

Agency is better defined here as intentional control over the learning process: setting a goal, deciding what 
assistance is needed, regulating the amount of support, evaluating the adequacy of the response, and knowing 
when to continue without AI. This definition distinguishes technological choice from learning control and 
directly addresses the possibility that convenience can coexist with reduced learner responsibility. 

Self-regulated learning describes how that agency is enacted across time. Planning, strategy selection, 
monitoring, and reflection can all be supported by AI [13–14]. Learners may use AI to diagnose recurring 
weaknesses, generate practice questions, vary task difficulty, or review errors. These functions are educationally 
meaningful when they help learners organize their own learning rather than merely complete isolated 
assignments. 

AI literacy is the enabling competence that makes informed agency more likely. Evaluation, verification, 
prompt refinement, awareness of uncertainty, and selective reliance help learners remain decision-makers when 
interacting with fluent machine output [8, 14, 16–18]. AI literacy, agency, and self-regulation are therefore 
related but not interchangeable: literacy supports judgment, agency concerns control, and self-regulation 
describes the cyclical management of learning. 
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D. Engagement, Confidence, and Willingness to Communicate 

A fourth domain concerns engagement. AI can lower the practical threshold for initiating practice because 
learners can begin a short conversation, request a quiz, generate a speaking topic, or ask for targeted feedback 
immediately. This accessibility may increase frequency and persistence, but interaction time alone is an 
insufficient indicator of learning. Engagement is more meaningfully reflected in active production, sustained 
effort, reflection, and transfer. 

Confidence is conceptually distinct from engagement and proficiency. Repeated low-pressure rehearsal may 
strengthen perceived competence by giving learners successful practice experiences [21–22]. Yet confidence 
based on reading or memorizing generated language may not reflect independent linguistic ability. The value of 
confidence therefore depends on whether learners can perform without the same level of AI support. 

Willingness to communicate (WTC) provides a further transfer criterion. WTC refers to readiness to enter 
interpersonal communication rather than comfort with a machine interface [9]. AI-supported rehearsal is most 
educationally significant when it helps learners participate more readily with classmates, teachers, or other 
human interlocutors. Confidence inside AI interaction should not automatically be treated as generalized 
communicative confidence. 

E. Tensions of Accuracy, Dependency, and Authenticity 

The fifth domain captures the tensions accompanying AI convenience. Generative systems can produce 
fluent language that is incomplete, inaccurate, factually unreliable, or pragmatically inappropriate. This is 
especially problematic for learners with limited proficiency because polished output can be difficult to evaluate. 
Verification through teachers, dictionaries, corpora, or other authoritative resources should therefore be treated 
as a core language-learning and AI-literacy practice [16–18]. 

Dependency is best understood through the sequence of learner action. An attempt -> AI support -> 
evaluation -> revision sequence preserves the learner's generative role, whereas an AI generation -> copy -> 
performance sequence transfers substantial cognitive and linguistic work to the system. The technology may be 
identical, but the learning process is not. 

Privacy and data governance constitute additional concerns because language-learning interactions may 
include personal details, academic work, or sensitive content. Institutional guidance should therefore address 
what information learners should not enter into public systems, how generated content should be attributed, and 
when AI use conflicts with assessment rules [15–18]. 

Authenticity forms another boundary. AI can simulate role-plays and maintain dialogue, but human 
interaction includes interpersonal intentions, identity, humor, cultural expectations, gesture, timing, interruption, 
repair, and genuine emotional consequences [10]. A communicative language curriculum should therefore avoid 
creating a closed ecosystem in which machine interaction replaces peer and teacher communication. 

Across the five domains, the same affordance can support or weaken learning. Immediate feedback can 
promote noticing or encourage copying; personalization can strengthen agency or deepen dependence; and low-
risk rehearsal can prepare learners for communication or become an alternative to it. This conditionality is the 
central conceptual insight of the synthesis. 

The mechanism linking these domains is learner activity between AI output and subsequent language use. 
AI becomes pedagogically productive when learners remain cognitively and linguistically active—attempting, 
evaluating, revising, reproducing, and communicating—rather than when the system simply generates an 
acceptable final product. 

This synthesis is represented in GHAILL as the following cycle: learner goal -> independent attempt -> AI-
mediated rehearsal or feedback -> critical evaluation -> learner revision -> repeated production -> human 
communication -> reflection. The sequence is not a rigid classroom procedure; it is a conceptual statement that 
AI should extend, rather than replace, the cognitive and communicative work of the learner. 

F. Guided Human–AI Language Learning (GHAILL): Integrated Interpretation 

The fourth research question concerns the distinctive contribution of Guided Human–AI Language Learning 
(GHAILL). GHAILL conceptualizes productive AI-assisted language learning as an eight-stage cycle: (1) 
learner goal, (2) independent attempt, (3) AI-mediated rehearsal or feedback, (4) critical evaluation, (5) learner 
revision, (6) repeated production, (7) human communication, and (8) reflection. The cycle then informs the next 
goal. The learner remains the principal agent, while AI functions as contingent scaffolding. 

GHAILL is not intended to replace general theories of self-regulated learning. Zimmerman’s account [13] 
explains broad cycles of planning, performance, monitoring, and reflection across learning contexts. GHAILL 
adds a more specific sequencing logic for generative-AI-assisted language production: the learner should attempt 
language before or alongside AI assistance, critically evaluate machine output before adopting it, and reconnect 
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AI-mediated practice to human communication. These three checkpoints respond to risks that are particularly 
salient when a generative system can produce a fluent answer on the learner's behalf. 

GHAILL also differs from broad technology-assisted language-learning frameworks because it does not 
classify tools or assume that technological exposure is the explanatory unit. The model focuses on what the 
learner does with the tool and on where pedagogical breakdown can occur. If independent attempt is omitted, 
retrieval and formulation may be outsourced; if critical evaluation is omitted, inaccurate output may be accepted; 
if revision and repeated production are omitted, feedback becomes editing; and if human communication is 
omitted, practice may remain within a technologically comfortable but socially limited environment. 

This process orientation explains why simple comparisons between AI users and non-users can be 
misleading. The category of AI use contains qualitatively different practices. Two learners may use the same 
system for the same task, yet one may engage in iterative rehearsal and critical revision while the other copies 
generated language. Their exposure is similar, but their learning activity is fundamentally different. GHAILL 
therefore proposes interaction quality and sequencing as more informative variables for future research. 

RQ1 is answered by the identification of five interconnected domains that combine affordances and 
constraints. AI can extend rehearsal, feedback, personalization, and independent practice, while accuracy, 
dependency, privacy, and authenticity remain persistent boundaries. 

RQ2 is answered by the rehearsal-to-transfer and feedback-uptake mechanisms. AI is most plausibly linked 
to speaking preparation when learners produce language repeatedly, evaluate feedback, revise their output, and 
carry the resulting language or confidence into human interaction. These mechanisms should not be confused 
with direct proof of proficiency gain. 

RQ3 is answered by treating AI literacy as an enabling competence, agency as intentional control, self-
regulation as cyclical management, confidence as perceived competence, and WTC as readiness for 
interpersonal communication. This conceptual differentiation prevents overlap while preserving their functional 
relationships within the learning process. 

RQ4 is answered through GHAILL's three AI-specific safeguards: independent learner production, critical 
evaluation of machine output, and transfer to human communication. The model therefore extends existing 
learning theories by specifying where generative AI should enter, where learner judgment must intervene, and 
where technology-supported practice should reconnect with authentic language use. 

G. Theoretical Contributions 

The first theoretical contribution is a shift from a technology-effects logic to a learner-mediated process 
account. The central question becomes not simply whether AI improves learning, but which sequences of learner 
action make improvement more plausible. AI affordances are treated as opportunities rather than outcomes, and 
the explanatory unit is the learner's pattern of attempt, assistance, evaluation, revision, production, and transfer. 

This process orientation helps explain inconsistent findings across AI-assisted language studies. Differences 
in task design, proficiency, prompting behaviour, teacher guidance, platform affordances, and evaluation 
practices alter what learners actually do with AI. Future studies can therefore test not only frequency of AI use 
but also interaction quality, support sequencing, verification behaviour, and transfer to independent 
performance. 

The second contribution is a differentiated account of learner agency. Access and autonomy are not 
synonymous. Agency is conceptualized as calibrated control: learners establish goals, decide when assistance is 
necessary, judge response quality, determine whether further practice is needed, and know when to stop using 
the tool. Under this definition, unlimited access to AI may coexist with weak agency if the system performs 
most of the cognitive and linguistic work. 

AI literacy becomes theoretically central because verification, prompt refinement, awareness of uncertainty, 
and selective reliance are mechanisms through which learners preserve control [8, 14, 16–18]. Self-regulation 
[13–14] describes how that control is enacted over time. This arrangement clarifies the constructs rather than 
collapsing them into a broad notion of digital autonomy. 

The third contribution concerns speaking development. AI-mediated speaking practice is conceptualized as 
a rehearsal-to-transfer process rather than as an autonomous form of communicative competence. 
Conversational systems can extend practice time and reduce the social cost of mistakes, but fluent interaction 
with a machine does not itself demonstrate the ability to negotiate meaning with people [10]. 

Accordingly, the strongest evidence of speaking enhancement in future tests of GHAILL should be 
independent human performance. Relevant outcomes may include more sustained turns, greater willingness to 
initiate interaction, improved recovery from breakdown, or verified changes in fluency, pronunciation, and 
accuracy. This recommendation preserves the distinction between perceived confidence and objectively 
measured language development. 
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The fourth contribution is GHAILL itself. Its novelty lies not in proposing that learners should self-regulate 
or that technology can scaffold learning—both ideas predate generative AI—but in specifying three checkpoints 
that address generative AI's capacity to produce complete language on demand: independent attempt, critical 
evaluation, and human-communication transfer. These checkpoints define when AI assists the learning process 
without becoming the origin and endpoint of performance. 

GHAILL also identifies explicit breakdown points that can be tested empirically. Removing the independent 
attempt may reduce retrieval and formulation; removing critical evaluation may encourage uncritical uptake; 
removing learner revision and repeated production may convert feedback into simple editing; and removing 
human communication may confine practice to simulated interaction. This structure makes the model suitable 
for future qualitative, experimental, and longitudinal validation. 

H. Pedagogical and Institutional Implications 

The conceptual synthesis has direct implications for language teachers. Rather than treating AI as either 
prohibited assistance or unrestricted convenience, educators can structure learning around a sequence such as 
individual attempt -> AI-supported rehearsal or feedback -> learner evaluation and revision -> peer interaction 
-> classroom performance -> reflection. This sequence operationalizes the GHAILL principle that AI should 
support, not replace, learner production. 

Speaking instruction can benefit from task-specific AI use. Students can ask an AI system to generate 
interview questions, simulate a service encounter, challenge an argument, or provide follow-up questions after 
a short oral response. The important requirement is that the learner must speak or formulate the response rather 
than simply read a generated script. Teachers can also require students to identify one AI suggestion they rejected 
and explain the linguistic or pragmatic reason. Such tasks make critical AI literacy visible and assessable. 

Institutions should complement classroom practice with clear guidance on privacy, academic integrity, 
attribution, and verification. AI literacy workshops should teach students how to protect personal data, recognize 
hallucinated or unreliable information, compare sources, use dictionaries and corpora, and understand when 
expert human feedback is necessary. Policies should differentiate legitimate learning support from outsourcing 
assessed work. Blanket rules are unlikely to capture the diversity of AI-mediated language tasks. 

Teacher development is equally important. Educators need opportunities to experiment with AI, evaluate 
language output, design prompts, and understand how platform features influence learning. The goal is not to 
turn teachers into AI technicians but to strengthen pedagogical judgment in an AI-rich environment. Teachers 
are uniquely positioned to connect machine-mediated practice with curriculum goals, disciplinary expectations, 
cultural context, and interpersonal communication. 

A practical implication of the model is that AI-supported tasks should be sequenced around learner 
production rather than around answer generation. A useful principle is attempt first, assistance second, revision 
third, and communication afterward. For example, students may first record a short response without AI, then 
request feedback on clarity or grammatical accuracy, revise the response in their own words, and finally perform 
the task with a peer. This sequence makes the learner's contribution visible and reduces the likelihood that a 
polished AI-generated script will substitute for language development. 

Teacher mediation remains essential because students differ in proficiency, AI literacy, and capacity to 
evaluate fluent machine output. Teachers can model how to ask for explanations rather than answers, compare 
AI suggestions with dictionaries or corpora, identify pragmatic problems, and explain why one formulation is 
more appropriate than another. Assessment can also be redesigned to reward evidence of process. Short 
reflections, revision rationales, oral follow-up questions, or comparison of an initial and revised response can 
reveal whether students understand the language they submit and whether AI support has contributed to learning 
rather than simple task completion. 

At institutional level, responsible integration requires guidance that is more nuanced than blanket 
permission or prohibition. Students need explicit instruction on privacy, data protection, academic integrity, 
attribution, hallucinated information, verification, and the limits of AI-mediated communication. Policies should 
also recognize legitimate pedagogical uses such as rehearsal, formative feedback, vocabulary exploration, and 
individualized practice. Clear distinctions between acceptable support and unacceptable outsourcing connect 
ethical AI use to learning purpose rather than to the mere presence of a particular tool. 

I. Limitations and Future Research 

This article has several limitations. First, it is a conceptual synthesis rather than a systematic review or 
empirical study; therefore, the literature base is selective and the proposed relationships should not be interpreted 
as pooled effects. Second, the studies cited vary in participant selection, target language, proficiency, 
institutional context, and research design, which limits direct generalization across learner populations. Third, 
AI platforms differ substantially in interface, voice capability, feedback quality, privacy conditions, and model 
behaviour, so findings associated with one system may not transfer to another. Fourth, the literature includes 
many self-report and perception-based outcomes, making it essential to distinguish perceived speaking 
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improvement from objectively measured development. Fifth, generative AI evolves rapidly, which can make 
platform-specific conclusions unstable. Finally, GHAILL has not yet been empirically validated as an integrated 
model. Future research should test its stages and breakdown points through longitudinal speaking assessments, 
classroom observations, interaction logs, qualitative interviews, and experimental comparisons across 
proficiency levels, languages, and levels of teacher guidance. 

IV. Conclusion 

Artificial intelligence is reshaping foreign language learning by expanding access to personalized feedback, 
conversational rehearsal, and independent practice. The conceptual synthesis developed in this article shows that 
these affordances do not constitute learning outcomes by themselves. Their educational value depends on learner 
production, critical evaluation, revision, self-regulation, and transfer to human communication. By 
distinguishing AI literacy, agency, self-regulation, confidence, and willingness to communicate, the paper 
provides a clearer account of how these constructs can interact without being conflated. GHAILL extends this 
account through an eight-stage human-centred cycle and three generative-AI-specific safeguards: independent 
attempt, critical evaluation, and human-communication transfer. The model should be treated as a testable 
conceptual framework rather than as an empirically validated causal theory. Its central proposition is that AI can 
enhance language learning most plausibly when it expands opportunities for practice while learners retain 
judgment, teachers retain pedagogical responsibility, and authentic interpersonal communication remains the 
ultimate reference point. 
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